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ABSTRACT 

 

ARTICLE INFO 

Mining opinion targets and opinion words from online reviews are important tasks for 

fine-grained opinion mining. The key component of which involves detecting opinion 

relations among words. Finally, candidates with higher confidence are extracted as 

opinion targets or opinion words. Compared to syntax-based methods, our word 

alignment model effectively alleviates the negative effects of parsing errors when dealing 

with informal online texts. Here we proposed the system for analysis the opinion from 

online review. We used the mining algorithm for opinion targets and opinion words 

from online review. Here we implemented constrained hill-climbing algorithm for 

implemented above online review opinion. 
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I. INTRODUCTION 

 
Mining opinion targets and opinion words from online 

reviews are important tasks for fine grained opinion mining, 

the key component of which involves detecting opinion 

relations among words. An opinion target is defined as the 

object about which users express their opinions, typically as 

nouns or noun phrases. In addition, opinion words are the 

words that are used to express users’ opinions. To this end, 

we propose a novel approach based on the partially-

supervised alignment model, which regards identifying 

opinion relations as an alignment process. Then, a Graph 

based co-ranking algorithm is exploited to estimate the 

confidence of each candidate. Finally, candidates with 

higher confidence are extracted as opinion targets or opinion 

words. Compared to existing methods based on the nearest-

neighbor rules, our model captures opinion relations more 

precisely, especially for long-span relations. Compared to 

syntax-based methods, our word alignment model 

effectively alleviates the negative effects of parsing errors 

when dealing with informal online texts. In particular, 

compared to the traditional unsupervised alignment model, 

the proposed model obtains better precision because of the 

usage of partial supervision. In addition, when estimating  

candidate confidence, we penalize higher-degree vertices in 

our graph-based co-ranking algorithm to decrease the  

 

 

 

probability of error generation. Our experimental results 

show that our approach effectively outperforms state-of-the-

art methods. 

 

Motivation: 

 

With the rapid development of Web 2.0, a huge number of 

product reviews are springing up on the Web. From these 

reviews, customers can obtain first-hand assessments of 

product information and direct supervision of their purchase 

actions. Meanwhile, manufacturers can obtain immediate 

feedback and opportunities to improve the quality of their 

products in a timely fashion. Thus, mining opinions from 

online reviews has become an increasingly urgent activity 

and has attracted a great deal of attention from researchers. 

To extract and analyze opinions from online reviews, it is 

unsatisfactory to merely obtain the overall sentiment about a 

product. In most cases, customers expect to find fine grained 

sentiments about an aspect or feature of a product that is 

reviewed. For example: “This phone has a colorful and big 

screen, but its LCD resolution is very disappointing.” 

Readers expect to know that the reviewer expresses a 

positive opinion of the phone’s screen and a negative 

opinion of the screen’s resolution, not just the reviewer’s 
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overall sentiment. To fulfill this aim, both opinion targets 

and opinion words must be extracted. 

 

II. EXISTING SYSTEM 

 

Propose a novel approach based on the partially-

supervised alignment model, which regards identifying 

opinion relations as an alignment process. Then, a graph-

based co-ranking algorithm is exploited to estimate the 

confidence of each candidate. Finally, candidates with 

higher confidence are extracted as opinion targets or opinion 

words. 

 

Limitations of Current System: 
 Unsupervised alignment model. 

 Multiple relations. 

 Does not work on corpus text. 

 One to many relations. 

 Words may be dropped. 

 Adopted techniques nearest neighbor rules. 

 

III. PROPOSED SYSTEM 

 

 
Fig 1. System Architecture 

 

This model inherits the advantages of the word alignment 

model for opinion relation identification, but it also has a 

more precise performance because of the use of partial 

supervision. Thus, it is reasonable to expect that the 

PSWAM is likely to yield better results compared to 

traditional methods for extracting opinion targets and 

opinion words. 

 

Our system extracts opinion targets and opinion words by 

using a word alignment model. Our main contribution is 

focused on detecting opinion relations between opinion 

targets and opinion words. Compared to previous methods 

based on nearest neighbour rules and syntactic patterns, in 

using a word alignment model, our method captures opinion 

relations more precisely and therefore is more effective for 

opinion target and opinion word extraction. Next, we 

construct an Opinion Relation Graph to model all candidates 

and the detected opinion relations among them, along with a 

graph co-ranking algorithm to estimate the confidence of 

each candidate. The items with higher ranks will be 

extracted out. 
 

This model inherits the advantages of the word alignment 

model for opinion relation identification, but it also has a 

more precise performance because of the use of partial 

supervision. Thus, it is reasonable to expect that the 

PSWAM is likely to yield better results compared to 

traditional methods for extracting opinion targets and 

opinion words. Our system extracts opinion targets and 

opinion words by using Stanford Natural Language 

Processing tool & IBM3 word alignment model. First our 

main contribution is focused on detecting possible opinion 

targets and opinion words by using Stanford NLP. 

Compared to previous methods based on nearest neighbors 

rules and syntactic patterns, in using a word alignment 

model, our method captures opinion relations more 

precisely when input from Stanford NLP is provided to 

IBM3 model as a training data and therefore is more 

effective for opinion target and opinion word extraction. 

Next, we construct an Opinion Relation Graph to model all 

candidates and the detected opinion relations among them, 

along with a graph co-ranking algorithm to estimate the 

confidence of each candidate. The items with higher ranks 

will be extracted out. 

 

 

Word Alignment Model (IBM-3): 

We formulate opinion relation identification as a word 

alignment process. We employ the word-based alignment 

model  to perform monolingual word alignment, which has 

been widely used in many tasks such as collocation 

extraction  and tag suggestion . In practice, every sentence is 

replicated to generate a parallel corpus. A bilingual word 

alignment algorithm is applied to the monolingual scenario 

to align a noun/noun phase (potential opinion targets) with 

its modifiers in sentences. 

 

Constrained Hill Climbing: 

Notably, if we are to directly apply the standard alignment 

model to our task, an opinion target candidate (noun/ noun 

phrase) may align with the irrelevant words rather than 

potential opinion words (adjectives/verbs), such as 

prepositions and conjunctions. Thus, we introduce some 

constraints in the alignment model as follows: 

 

1) Nouns/noun phrases (adjectives/verbs) must be aligned 

with adjectives/verbs (nouns/noun phrases) or a null word. 

Aligning to a null word means that this word either has no 

modifier or modifies nothing; 

2) Other unrelated words, such as prepositions, conjunctions 

and adverbs, can only align with themselves. where 

“NULL” means the null word. From this example, we can 

see that unrelated words, such as “This”, “a” and “and”, are 

aligned with themselves To obtain the optimal alignments in 

sentences, we adopt an EM-based algorithm to train the 

model. Specifically, for training the IBM-3 model, the 

simpler models (IBM-1, IBM-2 and HMM) are sequentially 
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trained as the initial alignments for the subsequent model. 

Next, the hill-climbing algorithm, a greedy algorithm, is 

used to find a local optimal alignment. Graph co-ranking: 

After mining the opinion associations between opinion 

target candidates and opinion word candidates, we complete 

the construction of the Opinion Relation Graph. We then 

calculate the confidence of each opinion target/word 

candidate on this graph, and the candidates with higher 

confidence than a threshold are extracted as opinion targets 

or opinion words. We assume that two candidates are likely 

to belong to a similar category if they are modified by 

similar opinion words or modify similar opinion targets. If 

we know one of them to be an opinion target/word, the other 

one has a high probability of being an opinion target/word. 

Thus, we can forward the confidences among different 

candidates, which indicates that the graph-based algorithms 

are applicable. 

 

Sentiment Analysis: 

“What other people think” has always been an important 

piece of information for most of us during the decision-

making process. Long before awareness of the World Wide 

Web became widespread, many of us asked our friends to 

recommend an auto mechanic or to explain who they were 

planning to vote for in local elections, requested reference 

letters regarding job applicants from colleagues, or 

consulted Consumer Reports to decide what dishwasher to 

buy. But the Internet and the Web have now (among other 

things) made it possible to find out about the opinions and 

experiences of those in the vast pool of people that are 

neither our personal acquaintances nor well-known 

professional critics that is, people we have never heard of. 

And conversely, more and more people are making their 

opinions available to strangers via the Internet. 

 

IV. RESULT 

 

 
 

 

 

V. CONCLUSION 

 

We propose a novel method for co-extracting opinion 

targets and opinion words by using a word alignment model. 

Our main contribution is focused on detecting opinion 

relations between opinion targets and opinion words. 

Compared to previous methods based on nearest neighbor 

rules and syntactic patterns, in using a word alignment 

model, our method captures opinion relations more 

precisely and therefore is more effective for opinion target 

and opinion word extraction. Next, we construct an Opinion 

Relation Graph to model all candidates and the detected 

opinion relations among them, along with a graph co-

ranking algorithm to estimate the confidence of each 

candidate. The items with higher ranks are extracted out. 

The experimental results for three datasets with different 

languages and different sizes prove the effectiveness of the 

proposed method. 
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